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Appendix A. Details of data construction.

Calculating weights for each individual. For any individual i we start with the weight wi

assigned to that individual by the BLS for the first month that a weight was reported for that

individual.38 Note this is a function of the individual and not a function of time. For the month

when a weight was first reported for that individual, we calculated the average value of wi for all

individuals who were either E,N,M, or U in that month. Call this number w̄i. Again, w̄i is a

fixed number for any given individual. To rescale this to an average value around 1 we assign the

weight ωi = wi/w̄i to individual i.

Our raw data (denoted ỹ) thus consist of weighted counts of individuals in various categories.

Let ỹ
[j]
X,t be the weighted count of the number of individuals with status X ∈ {E,N,M,U} when

they would have been interviewed in rotation j in month t before making any adjustments for the

start and end of the sample or sample redesigns and y
[j]
X,t the value after making the adjustments

below. Likewise, let ỹ
[j]
X1,X2,t

be the unadjusted weighted count of the number with status X1 in

rotation j − 1 in t− 1 and status X2 in rotation j in t and y
[j]
X1,X2,t

the adjusted estimate.

Adjusting missing observations at the start of the sample. If the sample begins in t0 = 2001:7,

we will miss individuals who would have had a history like EMMM −MMMM if their first

interview had been at t0 − 1; such an individual is tracked in the column of Table A-2 associated

with MIS in 2001:7 equal to 2, but would never appear in the data set. This will cause ỹ
[2]
M,t0

to

be lower than subsequent observations that would have complete histories on individuals like this,

such as the MIS in 2001:7 = 1 column. We calculate the average value of ỹ
[2]
M,t for the first year of

complete observations on this magnitude to form an estimate of the amount by which ỹ
[2]
M,t0

is an

underestimate of the true value:

∆
[2]
t0

= (1/12)
�t0+12
t=t0+1

ỹ
[2]
M,t − ỹ

[2]
M,t0

.

38 In data since 1998 this is the variable pwcmpwgt.
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We accordingly add ∆
[2]
t0
to the estimated count of people who transitioned from M in rotation 2

in t0 to M in rotation 3 in t0 + 1:

y
[3]
M,M,t0+1

= ỹ
[3]
M,M,t0+1

+∆
[2]
t0
. (A1)

Looking at the 2001:8 observation in the MIS in 2001:7 = 2 column of Table A-2, we should also

adjust the count of people who are imputed to have made a transition from M in rotation 3 in

t0 + 1 to M in rotation 4 in t0 + 2:

y
[4]
M,M,t0+2

= ỹ
[4]
M,M,t0+2

+∆
[2]
t0
. (A2)

Notice that since the unadjusted data ỹ satisfy the internal consistency conditions (1) and (2),

ỹ
[3]
M,t0+1

= ỹ
[3]
E,M,t0+1

+ ỹ
[3]
N,M,t0+1

+ ỹ
[3]
M,M,t0+1

+ ỹ
[3]
U,M,t0+1

= ỹ
[4]
M,E,t0+2

+ ỹ
[4]
M,N,t0+2

+ ỹ
[4]
M,M,t0+2

+ ỹ
[4]
M,U,t0+2

,

so do the adjusted data with y
[3]
M t0+1

= ỹ
[3]
M,t0+1

+∆
[2]
t0
:

y
[3]
M,t0+1

= y
[3]
E,M,t0+1

+ y
[3]
N,M,t0+1

+ y
[3]
M,M,t0+1

+ y
[3]
U,M,t0+1

= ỹ
[3]
E,M,t0+1

+ ỹ
[3]
N,M,t0+1

+ ỹ
[3]
M,M,t0+1

+∆
[2]
t0

+ ỹ
[3]
U,M,t0+1

= ỹ
[3]
M,t0+1

+∆
[2]
t0

= y
[4]
M,E,t0+2

+ y
[4]
M,N,t0+2

+ y
[4]
M,M,t0+2

+ y
[4]
M,U,t0+2

= ỹ
[4]
M,E,t0+2

+ ỹ
[4]
M,N,t0+2

+ ỹ
[4]
M,M,t0+2

+∆
[2]
t0

+ ỹ
[4]
M,U,t0+2

= ỹ
[3]
M,t0+1

+∆
[2]
t0
.

Continuing down the MIS in 2001:7 = 2 column of Table A-2, we also make adjustments to the

later transitions:

y
[6]
M,M,t0+12

= ỹ
[6]
M,M,t0+12

+∆
[2]
t0

y
[7]
M,M,t0+13

= ỹ
[7]
M,M,t0+13

+∆
[2]
t0
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y
[8]
M,M,t0+14

= ỹ
[8]
M,M,t0+14

+∆
[2]
t0
.

Consider next an individual who would have had a history like EEMM −MMMM if they

had been first interviewed in rotation 1 in t0 − 2 (column MIS in 2007:1 = 3 of Table A-2). The

analogous adjustments here are

∆
[3]
t0

= (1/12)
�t0+13
t=t0+2

ỹ
[3]
M,t − ỹ

[3]
M,t0

y
[4]
M,M,t0

= ỹ
[4]
M,M,t0

+∆
[3]
t0

y
[6]
M,M,t0+11

= ỹ
[6]
M,M,t0+11

+∆
[3]
t0

y
[7]
M,M,t0+12

= ỹ
[7]
M,M,t0+12

+∆
[3]
t0

y
[8]
M,M,t0+13

= ỹ
[8]
M,M,t0+13

+∆
[3]
t0
.

We also estimate the average number of M in rotation 5 over t0 + 15 to t0 + 26 and adjust the

appropriate cohorts as follows for j = 0, 1, ..., 9:

∆
[5,j]
t0

= (1/12)
�t0+26
t=t0+15

ỹ
[5]
M,t − ỹ

[5]
M,t0+j

y
[6]
M,M,t0+j+1

= ỹ
[6]
M,M,t0+j+1

+∆
[5,j]
t0

y
[7]
M,M,t0+j+2

= ỹ
[7]
M,M,t0+j+2

+∆
[5,j]
t0

y
[8]
M,M,t0+j+3

= ỹ
[8]
M,M,t0+j+3

+∆
[5,j]
t0

.

The final adjustments are

∆
[6]
t0

= (1/12)
�t0+27
t=t0+16

ỹ
[6]
M,t − ỹ

[6]
M,t0

y
[7]
M,M,t0+1

= ỹ
[7]
M,M,t0+1

+∆
[6]
t0

y
[8]
M,M,t0+2

= ỹ
[8]
M,M,t0+2

+∆
[6]
t0

∆
[7]
t0

= (1/12)
�t0+28
t=t0+17

ỹ
[7]
M,t − ỹ

[7]
M,t0

y
[8]
M,M,t0+1

= ỹ
[8]
M,M,t0+1

+∆
[7]
t0
.
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On the last equation, note that ỹ
[8]
M,M,t0+1

= 0 by construction.

Adjusting missing observations at the end of the sample. Table A-3 tracks cohorts in terms of

their status at the end of the sample T = 2018:4, where undercounted M arise from individuals

who would have later had a status like E if interviewed for the full 8 rotations after the sample

end. Here the adjustments are

∆
[1,j]
T = (1/12)

�T−26
t=T−15 ỹ

[1]
M,t − ỹ

[1]
M,T−j for j = 0, 1, ..., 14

y
[1]
M,T = ỹ

[1]
M,T +∆

[1,0]
T

y
[2]
M,M,T−j = ỹ

[2]
M,M,T−j +∆

[1,j+1]
T for j = 0, 1, ..., 13

y
[3]
M,M,T−j = ỹ

[3]
M,M,T−j +∆

[1,j+2]
T for j = 0, 1, ..., 12

y
[4]
M,M,T−j = ỹ

[4]
M,M,T−j +∆

[1,j+3]
T for j = 0, 1, ..., 11

y
[5]
M,T = ỹ

[5]
M,T +∆

[1,12]
T

y
[6]
M,M,T−j = ỹ

[6]
M,M,T−j +∆

[1,j+13]
T for j = 0, 1

y
[7]
M,M,T = ỹ

[7]
M,M,T +∆

[1,14]
T .

Adjusting missing observations from the sample redesign of CPS in 2004 and 2014. At date t2 =

2004:8 the BLS dropped some households who otherwise would have been included in rotation 5

and added some new households in order to better represent the U.S. population, and did the same

thing to the rotation 5 individuals for each of the following 11 months. Individuals added into

rotation 5 create a bulge in histories like MMMM − EEEE for people who would have been in

rotation 1 over t2−12 through t2−1 (see Table A-4). We adjust for this by comparing the number

of M in rotation 1 during this period with the average value over the 12 months beginning with t2:

∆
[1,j]
t2

= ỹ
[1]
M,t2−j

− (1/12)
�t2+11
t=t2

ỹ
[1]
M,t for j = 1, ..., 12.
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We then reduce the estimates of MM transitions for j = 1 to 12 accordingly:

y
[2]
M,M,t2−j+1

= ỹ
[2]
M,M,t2−j+1

−∆
[1,j]
t2

y
[3]
M,M,t2−j+2

= ỹ
[3]
M,M,t2−j+2

−∆
[1,j]
t2

y
[4]
M,M,t2−j+3

= ỹ
[4]
M,M,t2−j+3

−∆
[1,j]
t2

.

Individuals dropped from rotation 5 at t2, t2+1, ...., t2+11 create artificial histories like EEEE−

MMMM. We adjust for these as follows for j = 0, 1, ..., 11:

∆
[5,j]
t2

= ỹ
[5]
M,t2+j

− (1/12)
�t2−13
t=t2−2

ỹ
[5]
M,t

y
[6]
M,M,t2+j+1

= ỹ
[6]
M,M,t2+j+1

−∆
[5,j]
t2

y
[7]
M,M,t2+j+2

= ỹ
[7]
M,M,t2+j+2

−∆
[5,j]
t2

y
[8]
M,M,t2+j+3

= ỹ
[8]
M,M,t2+j+3

−∆
[5,j]
t2

.

There was a similar change in population controls at date t3 = 2014:8, dealt with using the

identical adjustments replacing t2 with t3.

Effects of adjustments. Figure A-1 shows the effects of these adjustments. The red dashed lines

plot transitions ỹ
[j]
M,M,t before adjustments, exhibiting bulges prior to the 2004 and 2014 sample

redesign and dips at the start and end of the sample. The solid blue lines plot y
[j]
M,M,t which are

the series used in our analysis.

Appendix B. Modeling number preference.

Even number bias. For durations of 8 weeks or fewer, people are more likely to report an even

number than an odd number. One way to represent this is to suppose that people whose true or

perceived duration is 1, 3, 5, or 7 weeks have a probability (1 − θA,1) of reporting their duration

correctly and a probability θA,1 of instead reporting 2, 4, 6, or 8 weeks. If this was the only source
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of reporting error, the matrix A would take the following form:39

A1
(99×99)

=






Λ1 08,91

091,8 I91






Λ1
(8×8)

=






Θ1 02,2 02,2 02,2

02,2 Θ1 02,2 02,2

02,2 02,2 Θ1 02,2

02,2 02,2 02,2 Θ1






Θ1
(2×2)

=






1− θA,1 0

θA,1 1




 .

For example, if the true duration τ = 3 (third column of A1) there would be a probability 1− θA,1

of reporting τ = 3 represented by the (3,3) element of A1 and a probability θA,1 of reporting τ = 4.

Reporting as nearest month. After the 1994 redesign, respondents were given the option of

reporting unemployment duration in months or years rather than weeks (“flexible reporting pe-

riodicity”), although they are explicitly asked for duration in weeks if they report four or fewer

months of unemployment. Even if someone has been unemployed for fewer than four months during

the reference week, the person is likely to report their duration in integer months rather than the

actual number of weeks. This shows up in an unusual concentration of reported durations at 4

weeks, 8-9 weeks, 12-13 weeks, and 16-17 weeks. We represent this by allowing that a fraction

θA,2 of those who are truly unemployed for 5 weeks report the duration as 4, and the same fraction

θA,2 of those who are unemployed for 7, 11, or 15 weeks report their durations as 8, 12, or 16. We

suppose that of those whose true duration is 6, 10, or 14, a fraction θA,3/2 round the month down

(to 4, 8, or 12) and another θA,3/2 round up (to 8, 12, or 16). We don’t find evidence in the

data that durations 9, 13, or 17 get particularly rounded down. We capture these tendencies in a

39Here 0n,m denotes an (n×m) matrix of zeros and In the (n× n) identity matrix.
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(99× 99) matrix A2 whose rows 4-12 and columns 4-11 are given by

Λ2
(9×8)

=

4

5

6

7

8

9

10

11

12






1 θA,2 θA,3/2 0 0 0 0 0

0 1− θA,2 0 0 0 0 0 0

0 0 1− θA,3 0 0 0 0 0

0 0 0 1− θA,2 0 0 0 0

0 0 θA,3/2 θA,2 1 0 θA,3/2 0

0 0 0 0 0 1 0 0

0 0 0 0 0 0 1− θA,3 0

0 0 0 0 0 0 0 1− θA,2

0 0 0 0 0 0 θA,3/2 θA,2






.

Rows 12-17 and columns 12-17 of A2 are

Λ3
(6×6)

=

12

13

14

15

16

17






1 0 θA,3/2 0 0 0

0 1 0 0 0 0

0 0 1− θA,3 0 0 0

0 0 0 1− θA,2 0 0

0 0 θA,3/2 θA,2 1 0

0 0 0 0 0 1






.

For unemployment spells longer than 4 months the rounding becomes even more pronounced,

as the CPS allows respondents to report an interval in months and years. Census Bureau multiply

a conversion factor of 4.33 to the reported duration in months and 52 to that in years, which then

gets recorded as τ ∈ Ω = {16, 22, 26, 30, 35, 39, 43, 48, 52, 56, 61, 65, 69, 74, 78, 82, 87, 91, 95} weeks.

We represent the increased propensity to round as durations get longer by replacing θA,2 and θA,3,

which governed the probabilities that a duration got rounded one week or two weeks to the nearest

month, with analogous (but larger) probabilities θA,4 and θA,5 for durations between 18 and 32

weeks, even larger probabilities θA,6 and θA,7 for durations between 33 and 52 weeks, and θA,8 and

θA,9 for durations 53 weeks and longer. Specifically, if someone is unemployed between 18 and 32

weeks and is exactly 1 week away from an element of Ω, there is a probability θA,4 that the duration
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gets reported as the nearest month. That is, for durations between 18 and 32 weeks, rows τ − 3

through τ +3 of column τ of A2 are given by Λ4 for τ ∈ Ω, Λ5 for durations one week less than an

element of Ω (namely τ ∈ {21, 25, 29}), and Λ6 for durations one week more than an element of Ω

(namely τ ∈ {23, 27, 31}), where

Λ4 =

τ − 3

τ − 2

τ − 1

τ

τ + 1

τ + 2

τ + 3






0

0

0

1

0

0

0






Λ5 =






0

0

0

1− θA,4

θA,4

0

0






Λ6 =






0

0

θA,4

1− θA,4

0

0

0






.

If the person is exactly two weeks or exactly three weeks away from two different elements of Ω,

with probability θA,5/2 it gets rounded up and probability θA,5/2 it gets rounded down. If the

person is two weeks away from only a single element of Ω, we assume that it gets rounded to the

nearest month with probability (θA,4 + θA,5)/2. Thus for durations between 18 and 32 weeks and

exactly two weeks away from two elements of Ω (namely τ ∈ {24, 28}), rows τ − 3 through τ + 3

of column τ of A2 are given by Λ7 below. The vector Λ8 is used for durations two weeks below

a single element of Ω (τ = 20), Λ9 for elements two weeks above a single element of Ω (namely

τ = 18), and Λ10 for durations three weeks away from two elements of Ω (τ = 19):

Λ7 =

τ − 3

τ − 2

τ − 1

τ

τ + 1

τ + 2

τ + 3






0

θA,5/2

0

1− θA,5

0

θA,5/2

0






Λ8 =






0

0

0

1− θA,4+θA,5
2

0

θA,4+θA,5
2

0






Λ9 =






0

θA,4+θA,5
2

0

1− θA,4+θA,5
2

0

0

0






Λ10 =






θA,5/2

0

0

1− θA,5

0

0

θA,5/2






.
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For τ = 32 we use Λ13 below with θA,7 replaced by θA,5.

For durations between 33 weeks and 52 weeks, we use analogous matrices with θA,4 replaced

by θA,6 and θA,5 replaced by θA,7. Specifically, for observations exactly one week below or one

week above an element of Ω we use Λ5 or Λ6 with θA,4 replaced by θA,6. For observations exactly

two weeks from two different elements of Ω (namely τ ∈ {37, 41, 50}) we use Λ11, for observations

exactly two weeks below a single element of Ω (namely τ = 46) we use Λ12, and for observations

exactly two weeks above a single element of Ω (namely τ = 45) we use Λ13:

Λ11 =

τ − 3

τ − 2

τ − 1

τ

τ + 1

τ + 2

τ + 3






0

θA,7/2

0

1− θA,7

0

θA,7/2

0






Λ12 =






0

0

0

1− θA,7

0

θA,7

0






Λ13 =






0

θA,7

0

1− θA,7

0

0

0






.

For durations between 53 and 99 weeks we replace θA,6 and θA,7 by θA,8 and θA,9, respectively. We

set the upper-left block of A2 to I3 and all other elements to 0. The model of measurement error

so far is then summarized by the product A2A1.

6-month interval reporting. Finally there is a tendency to report longer durations as either

6 months (26 weeks), 12 months (52 weeks), 18 months (78 weeks), or longer than 99 weeks (top

code). To capture this, we adapt the heaping model of Torelli and Trivellato (1993). We assume

that individuals may begin to report their duration as the closest multiple of 6 months after 3

months of unemployment. Define a (99 × 99) matrix A3 whose upper-left block is given by I13.

For every individual who from the preceding specifications would have reported an unemployment

spell between 14 and 38 weeks (or between 3 and 7 months), there is a probability θA,10 that they

don’t report τ but instead report 6 months. In other words, for τ ∈ {14, 15, ..., 25, 27, 28, ..., 38}

the row τ, column τ element of A3 is given by 1− θA,10 and the row 26, column τ element is θA,10.

Likewise, if someone has been unemployed for 39 to 51 weeks, the person may report 12 months

with probability θA,11 (row τ, column τ of A2 is 1 − θA,11 and row 52, column τ is θA,9). If
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someone has been unemployed 12-15 months, we assume that the person would report 12 months

with probability θA,11 or possibly instead report the top-code duration (longer than 99 weeks) with

probability θA,13. That is, for τ ∈ {53, 54, ..., 72}, column τ of A3 has 1− θA,11 − θA,13 in the τth

row, θA,11 in row 52, and θA,13 in the last row.

For intervals longer than 15 months, there is a probability θA,12 of reporting the top code, so

that for τ ∈ {73, 74, 75, 76, 77, 79, 80, 81, ..., 98} we set the τth row of column τ of A3 to 1− θA,12,

the 99th row to θA,12 and all other elements to zero. The reason we leave a 78-week reporting

interval out of this set is that we observe a modest spike in reporting intervals of 78 weeks (18

months), and so take the 78th column of A3 to be the 78th column of I99. The last column of A3

is of course the last column of I99.

Our model of measurement error is thus

A
(99×99)

= A3
(99×99)

A2
(99×99)

A1
(99×99)

.

The value of A is a function of θA = (θA,1, θA,2, ..., θA,13)
′ and we estimate the elements of θA

by quasi maximum likelihood. Note that perfect reporting is allowed as a special case of this

framework when θA = 0.

Appendix C. Quasi-maximum likelihood estimation.

Here we describe how we calculated standard errors. Let nt denote the number of individuals

sampled in month t (including those categorized asM in month t) and let n =
�T
t=1 nt be the total

number of observations. For q some chosen Newey-West bandwidth (our empirical estimates use

q = 96) define

ht(λX) = yE,t
∂ lnπE
∂λX

+ yN,t
∂ lnπN
∂λX

+ yM,t
∂ lnπM
∂λX

+
�99
τ=1 yU,t(τ)

∂ ln π̇U (τ)

∂λX

D̂ = −n−1�T
t=1

∂ht(λX)

∂λ′X

����
λX=λ̂X

Γ̂v = n−1
�T
t=v+1 ht(λ̂X)ht−v(λ̂X)

′

Ŝ = Γ̂0 +
�q
v=1

	
1− v

q + 1



(Γ̂v + Γ̂′v)
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V̂ = (D̂Ŝ−1D̂)−1. (A3)

The square root of the (i, i) element of n−1V̂ was used to calculate a standard error for the ith

element of λ̂X .

Note that it’s not strictlyt necessary to calculate n, since it cancels out in calculation of

n−1(D̂Ŝ−1D̂)−1. We write expressions in this form because D̂, Ŝ and V̂ as written are consistent

estimates of nondegenerate population analogues, and matrix inversions may be better behaved

numerically when the expressions are calculated as written.

One can see why this works with a simple illustrative example. Let yit = 1 if person i is

employed in month t and 0 otherwise. Suppose that the probability that an individual is employed

in month t is given by λt, so that conditional on λt, the mean and variance of yit are E(yit|λt) = λt

and E[(yit−λt)
2|λt] = λt(1−λt). Suppose that λt is distributed across months from some process

whose mean is λ and whose vth autocovariance is γv (E(λt) = λ and E(λt − λ)(λt−v − λ) = γv

for v = 0, 1, 2, ...). Then yt =
�nt
i=1 yit has conditional mean E(yt|λt) = ntλt, unconditional mean

E(yt) = ntλ, and unconditional variance E(yt−ntλ)
2. To evaluate the last magnitude we first take

expectations conditional on λt,

E[(yt − ntλ)
2|λt] = E[(yt − ntλt + ntλt − ntλ)

2|λt]

= E[(yt − ntλt)
2|λt] +E[(ntλt − ntλ)

2|λt]

= ntλt(1− λt) + n2t (λt − λ)2,

and then take expectations of this with respect to the unconditional distribution of λt:

E(yt − ntλ)
2 = nt[E(λt)−E(λ2t )] + n2tE(λt − λ)2

= nt(λ− γ0 − λ2) + n2tγ0.
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The unconditional covariance of yt with yt−v is likewise found from

E[(yt − ntλ)(yt−v − nt−vλ)|λt, λt−v]

= E[(yt − ntλt + ntλt − ntλ)(yt−v − nt−vλt−v + nt−vλt−v − nt−vλ|λt, λt−v]

= E[(yt − ntλt)(yt−v − nt−vλt−v)|λt, λt−v] +E[(ntλt − ntλ)(nt−vλt−v − nt−vλ)|λt, λt−v]

= 0 + ntnt−v(λt − λ)(λt−v − λ)

with unconditional expectation

E(yt − ntλ)(yt−v − nt−vλ) = ntnt−vγv.

The proposal is to estimate the unconditional probability of employment λ by maximizing the

quasi likelihood ℓ(λ) =
�T
t=1 ℓt(λ) for ℓt(λ) = yt logλ+(nt− yt) log(1−λ), from which the QMLE

is calculated to be

λ̂ = n−1
�T
t=1 yt. (A4)

We see immediately that E(λ̂) = n−1
�T
t=1 ntλ = λ, so the QMLE is an unbiased estimate of λ.

Notice also

λ̂− λ = n−1
�T
t=1(yt − ntλ)

so the variance of λ̂ is

E(λ̂− λ)2 = n−2
��T

t=1E(yt − ntλ)
2 + 2

�T
t=2E(yt − ntλ)(yt−1 − nt−1λ)+

2
�T
t=3E(yt − ntλ)(yt−2 − nt−2λ) + · · ·+ 2E(yT − nTλ)(y1 − n1λ)

�

where we saw above that

E(yt − ntλ)(yt−v − nt−vλ) =






nt(λ− λ2 − γ0) + n2tγ0 for v = 0

ntnt−vγv for v = 1, 2, ...
.

We require that the number of individuals sampled each month nt does not vary too much across

months. For example, suppose that n−1
�T
t=1 nt → 1 and that for fixed v, n−1

�T
t=v+1 ntnt−v →
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ηv.
40 If the autocovariances of λt are absolutely summable (

�∞
v=0 |γj| <∞), then

nE(λ̂− λ)2 → V = γ̃0 + 2
�∞
v=1 γ̃v

for

γ̃0 = (λ− λ2 − γ0) + η0γ0

γ̃v = ηvγv for v = 1, 2, ...

Thus the variance of λ̂ goes to zero as n→∞, confirming that λ̂ is a consistent estimate of λ with

√
n(λ̂− λ)

d→ N(0, V ).

We can also confirm that (A3) gives a consistent estimate of V. Here

ht(λ) =
yt
λ
− nt − yt

(1− λ)
=

yt − ntλ

λ(1− λ)

∂ht(λ)

∂λ
= − yt

λ2
− (nt − yt)

(1− λ)2

D̂ = n−1

��T
t=1 yt

λ2
+

�T
t=1(nt − yt)

(1− λ)2

�
p→ λ

λ2
+

(1− λ)

(1− λ)2
=

1

λ(1− λ)

Γ̂v = n−1
�T
t=1

	
yt − ntλ

λ(1− λ)


 	
yt−v − nt−vλ

λ(1− λ)



p→ γ̃v

λ2(1− λ)2

Ŝ
p→ γ̃0 + 2

�∞
v=1 γ̃v

λ2(1− λ)2

V̂ = (D̂Ŝ−1D̂)−1
p→ γ̃0 + 2

�∞
v=1 γ̃v = V

as desired.

Appendix D. Weibull distribution.

Replacing mixture of exponentials (3)-(4) with a Weibull distribution. Suppose that a fraction

of the population ω is newly unemployed each week with each person characterized by the same

Weibull(α, λ) hazard rate of exiting unemployment. In steady state the fraction of the population

40 If nt = n̄ for all t, these conditions are trivially satisfied with n−1
�T

t=1
nt = (Tn̄)−1

�T

t=1
n̄ = 1 and

n−1
�T

t=v+1
ntnt−v = (Tn̄)

−1
�T

t=v+1
n̄2 = n̄(T − v)/T.
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unemployed for exactly τ weeks would then be given by41

π†U (τ) = ω exp(−λτα). (A5)

We accordingly maximized (6) with respect to θA, πE , πN , πM , ω, α, λ. This produced estimates

α̂ = 0.408 and λ̂ = 0.833, with other parameters similar to those for the baseline case in the first

column of Table 1. The low value for α implies that unemployment-exit probabilities drop off

significantly as the duration of unemployment τ increases. The Weibull captures the same basic

features of the data as our baseline model. Nevertheless, the mixture of exponentials has a much

better fit to the data, achieving a value for (6) that is 1,005 points higher than that for the Weibull

specification.42

Characterizing inconsistency between reported unemployment durations and observed hazards

using the Weibull distribution. If we replace the unemployment-continuation probabilities predicted

from the mixture of exponentials (3)-(4) by those predicted by the Weibull representation (A5) of

the cross-section of unemployment durations, we would expect an average monthly unemployment-

continuation probability of �∞
0 exp[−λ(τ + 4.33)α]dτ
�∞
0 exp[−λτα]dτ = 0.68. (A6)

This is far larger than the observed average monthly continuation probability across all unemployed

of

T−1
�T
t=1




�
j∈J y

[j]
UU,t

�
j∈J

�
y
[j]
UE,t + y

[j]
UN,t + y

[j]
UU,t

�



 = 0.54. (A7)

Alternatively, our characterization of the cross-section implies an average monthly continuation

probability across all individuals of w1p
4.33
1 + w2p

4.33
2 = 0.70. Whether one uses our parametric

model, the Weibull, or any other, any model of the cross-section is calculating a parametric estimate

of the magnitude �99
τ=5 y

[j]
U,t(τ)

�99
τ=1 y

[j]
U,t−1(τ)

41The exponential distribution is a special case with α = 1, exp(−λ) = p and ω = w(1− p).
42One might be tempted to think of twice this number (2,010) as a likelihood ratio statistic for testing whether

the one extra parameter used by the mixture of exponentials is helpful. This number does not in fact have a χ2(1)
interpretation due to the strong serial correlation of ℓt(λX) and because the models are non-nested. Nevertheless,
the huge magnitude of the difference in the quasi log likelihoods suggests that the baseline model is to be preferred.
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which as we noted in Panel A of Figure 1 averages 0.71 over the sample. Any model that accu-

rately describes the cross-section of durations— and ours does so quite well— is going to predict an

unemployment-continuation probability similar to the stock-based measure plotted as the solid line

in Panel A of Figure 1. The primary reason our estimate 0.70 is slightly below the nonparametric

estimate of 0.71 is because according to our model, some true durations greater than 5 weeks get

reported as 4 weeks as a result of digit preference.

Appendix E. Corroboration from other data sources.

BLS adjusted flow estimates. BLS uses the CPS to construct flows estimates that incorporate

corrections that are intended to address some of the concerns addressed in our paper. To do this,

BLS uses a procedure known as “raking” or “iterative proportional fitting” described by Frazis et

al. (2005).43 Suppose we observe sums of individuals ỹX1,t−1 of categories X1 ∈ {E,N,U} at t− 1

and sums ỹX2,t at t. Raking refers to constructing an imputed set of joint observations ŷX1,X2 that

are consistent with the marginal sums by construction and that would be predicted if the status at

t− 1 was independent of that at t. That is, for ι a (3× 1) vector of ones one can calculate (3× 1)

vectors â and b̂ such that

ι′âb̂′ =

	
ỹE,t−1 ỹN,t−1 ỹU,t−1




âb̂′ι =






ỹEt

ỹNt

ỹUt





.

Once such vectors â and b̂ are calculated, one can impute individual joint sums as






ŷEE ŷNE ŷUE

ŷEN ŷNN ŷUN

ŷEU ŷNU ŷUU





= âb̂′.

Frazis et al. (2005) explained how this provides a partial step toward dealing with issues of missing

transitions and rotation bias.

We can summarize the average net effect of the BLS raking and other adjustments as follows.

43Frazis, Harley J., Edwin L. Robison, Thomas D. Evans, and Martha A. Duff (2005). "Estimating Gross Flows
Consistent with Stocks in the CPS," Monthly Labor Review 128 (September): 3-9.

A-15



First consider the calculations obtained from the raw data. The total number of individuals in the

full sample who were E in t − 1 and U in t is
�
j∈J

�T
t=2 y

[j]
E,U,t. Expressed as a fraction of the

total sample for whom a non-missing observation is available at both t− 1 and t this is

ĥEU =

�
j∈J

�T
t=2 y

[j]
E,U,t

�
j∈J

�T
t=2

�
y
[j]
E,E,t + y

[j]
E,N,t + y

[j]
E,U,t + y

[j]
N,E,t + y

[j]
N,N,t + y

[j]
N,U,t + y

[j]
U,E,t + y

[j]
U,N,t + y

[j]
U,U,t

�

= 0.0079. (A8)

We can compare this with the BLS estimate of flows from E to U expressed as a fraction of the

civilian noninstitutional population age 16 and over, which averages 0.0081 over our sample. Thus

the raking and other adjustments used by the BLS result in a slight increase in estimated EU flows

relative to what we’d obtain from the raw data of actual joint observations. Likewise, the estimate

in the raw data of flows from N to U , ĥNU , is 0.0088, compared with the BLS adjusted estimate

of 0.0093. The estimates of the sum of these flows calculated from the raw data and as adjusted

by BLS are given in Table A-6.

Compare this with what we would obtain with our approach if we only dealt with rotation bias

and ignored all the other issues. To do this, we perform analogous calculations to those in (A8)

using not the raw transitions but instead using the ergodic estimates π∗ and Π∗ in Table 6, which

correct for rotation bias but which made no adjustments for missing observations or the long-term

unemployed. Correcting for rotation bias alone, the fraction of the population who would have

been E in month t− 1 and U in month t if both interviews were based on the rotation 1 interview

technology is given by π∗Eπ
∗
EU . Expressed as a fraction of the population who would have had status

E,N or U if interviewed both months, this becomes

ĥ∗EU =
π∗Eπ

∗
EU

π∗E(π
∗
EE + π∗EN + π∗EU ) + π∗N (π

∗
NE + π∗NN + π∗NU ) + π∗U (π

∗
UE + π∗UN + π∗UU )

= 0.0083. (A9)

Note that the estimate 0.0083 that adjusts for rotation bias alone is a little larger than the BLS

adjusted estimate of 0.0081. The analogous adjustment for NU flows is ĥ∗NU = 0.0109, which is

significantly above the BLS estimate of 0.0093. We conclude that the BLS adjustments do not

adequately correct for the issue of rotation bias.
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Our procedure makes adjustments for a number of reasons in addition to rotation bias. To

understand our adjustments in terms of the equations above, rewrite the numerator of ĥ∗EU + ĥ∗NU

as

π∗Eπ
∗
EU + π∗Nπ

∗
NU = π∗.U − π∗Uπ

∗
UU (A10)

where π∗.U = π∗Eπ
∗
EU + π∗Nπ

∗
NU + π∗Uπ

∗
UU is the average fraction of the population who are both

unemployed and for whom neither t − 1 nor t would be missing if interviewed with technology 1.

This is a slightly smaller number than π∗U = π∗.U + π∗Mπ∗MU which is the fraction unemployed not

conditioning on availability of observations for both t− 1 and t.

By contrast, our estimate of the average new inflows into unemployment is given by

Ṽ1 + Ṽ2 = π̃U (1− w̃1γ̃1,UU − w̃2γ̃2,UU ). (A11)

In our framework, this is the conceptually correct way to think about the right-hand side of (A10).

Once we adjust for long-term unemployment, we arrived at an estimate π̃U that is significantly

larger than π∗.U or π
∗
U , which by itself would make (A11) larger than (A10). On the other hand,

our estimate w̃1γ̃1,UU+w̃2γ̃2,UU is larger than π
∗
UU , because we count some UN and UM transitions

as UU continuations. This adjustment makes the right-hand side of (A11) smaller.44 The net effect

of these adjustments is to slightly increase our estimate of net flows into unemployment, as seen in

the last row of Table A-6.

Comparison with other estimates. As an additional check on our approach, we compare our

estimates of the long-term unemployed with those from other sources.45 The dotted blue line in

Figure A-2 plots our estimate of the fraction of the sample who are unemployed for seven months

or longer,
�2
i=1

�48
d=7 Ũ

d
it, using equation (34). This is compared with the BLS estimate of the

number unemployed 27 weeks or longer as a percent of the civilian noninstitutional population

(shown in solid black). Our estimate is consistently below the BLS for reasons discussed in Section

4.7.

An alternative measure comes from the count of the number of individuals who exhausted their

regular unemployment benefits but continued to receive additional benefits including extended

44Another way to think about this is that we do not regard NU5.+ transitions as new inflows into unemployment
but instead count them as UU continuations. This makes the left-hand side of (A10) smaller.

45We thank Rob Valletta for suggesting this exercise.
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benefits, state additional benefits and emergency unemployment compensation (EUC08). Mainly

due to the introduction of EUC08, the number of people who received additional benefits after

exhausting their regular benefits rises more sharply than either the BLS or our adjusted counts

of the long-term unemployed. Our approach to smoothing γ̃2,t may underestimate sharp cyclical

changes in series like the EUC08 counts, but our estimate is otherwise broadly consistent.
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Table A-1. Summary of notation

π
[j]
X = fraction of working-age population reporting status X ∈ {E,N,M,U}

in rotation j ∈ {1, ..., 8}
π
[j]
X1,X2

= fraction of population reporting X1 in rotation j − 1 and X2 in

rotation j ∈ {2, ..., 8}
y
[j]
X,t = weighted number of people reporting status X ∈ {E,N,M,U} in

rotation j in month t

J = the set consisting of rotations {2, 3, 4} ∪ {6, 7, 8}
y
[j]
X1,X2,t

= weighted number reporting X1 in rotation j − 1 in month t − 1
and X2 in rotation j ∈ J in month t

y
[j]
U,t(τ) = weighted number in rotation j in month t reporting U with dura-

tion τ

y
[j]
X,U,t(τ) = weighted number reporting X ∈ {E,N,M} in rotation j − 1 in

month t− 1 and U with duration τ in month t for j ∈ J

y
[j]
U,X,t(τ) = weighted number reporting U with duration τ in rotation j − 1

in month t− 1 and reporting X ∈ {E,N,M,U} in month t for j ∈ {2, ..., 8}
pi =weekly unemployment-continuation probability consistent with reported

unemployment duration for type i ∈ {1, 2}
wi = fraction of unemployed who are type i ∈ {1, 2}
π̇U(τ) = predicted fraction of unemployed who report duration τ

θA = vector of parameters characterizing matrix A of rounding errors in

reporting durations

π†U(τ) = imputed fraction of unemployed with perceived duration τ in ab-

sence of rounding errors

π̇X,U(τ) = of the people who report status X ∈ {E,N,M} in t − 1 and U

in t, the predicted fraction who report duration τ

qi,XU = of the people who report status X ∈ {E,N,M,U} in t−1 and U in

t, the fraction who report duration i for i ∈ {1, ..., 4} or report duration greater

than 4 weeks with perceived type 1 or type 2 duration for i ∈ {5, 6}
ηi(τ) = probability an individual is type i ∈ {1, 2} given they report duration

τ ∈ {1, ..., 99}
γi,UX = probability an individual of type i who is unemployed in month

t− 1 will report status X ∈ {E,N,M,U} in month t

θ
[j]
EM , θ

[j]
NU , θ

[j]
NM = parameters characterizing rotation bias for rotation j ∈

{2, ..., 8}
π∗X = fraction of population with reported status X ∈ {E,N,M,U} after

correcting for rotation bias

π∗ = (4× 1) vector containing (π∗E , π
∗
N , π

∗
M , π

∗
U)
′

π∗X1,X2
= probability of reporting status X2 in month t conditional on re-

porting X1 in month t− 1 after correcting for rotation bias

Π∗ = (4× 4) matrix collecting the values of π∗X1,X2

π̃X = fraction of population inferred to have true status X ∈ {E,N,U} after
correcting for rotation bias, nonrandom missing observations, and misclassified

N
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Table A-2. Cohorts affected by start of sample in July 2001. 

MIS in 

2001:7 7 6 5 x x x x x x x x 4 4 3 2 1 

Apr-00                 
May-00 E1                
Jun-00 E2 E1               
Jul-00 E3 E2 E1              

Aug-00 E4 E3 E2 E1             
Sep-00 x E4 E3 E2 E1            
Oct-00 x x E4 E3 E2 E1           
Nov-00 x x x E4 E3 E2 E1          
Dec-00 x x x x E4 E3 E2 E1         
Jan-01 x x x x x E4 E3 E2 E1        
Feb-01 x x x x x x E4 E3 E2 E1       
Mar-01 x x x x x x x E4 E3 E2 E1      
Apr-01 x x x x x x x x E4 E3 E2 E1 E1    

May-01 E5 x x x x x x x x E4 E3 E2 E2 E1   
Jun-01 E6 E5 x x x x x x x x E4 E3 E3 E2 E1  
Jul-01 M7 M6 M5 x x x x x x x x E4 M4 M3 M2 E1 

Aug-01 M8 M7 M6 M5 x x x x x x x x x M4 M3 M2 

Sep-01  M8 M7 M6 M5 x x x x x x x x x M4 M3 

Oct-01   M8 M7 M6 M5 x x x x x x x x x M4 

Nov-01    M8 M7 M6 M5 x x x x x x x x x 

Dec-01     M8 M7 M6 M5 x x x x x x x x 

Jan-02      M8 M7 M6 M5 x x x x x x x 

Feb-02       M8 M7 M6 M5 x x x x x x 

Mar-02        M8 M7 M6 M5 x x x x x 

Apr-02         M8 M7 M6 M5 M5 x x x 

May-02          M8 M7 M6 M6 M5 x x 

Jun-02           M8 M7 M7 M6 M5 x 

Jul-02            M8 M8 M7 M6 M5 

Aug-02              M8 M7 M6 

Sep-02               M8 M7 

Oct-02                M8 

Nov-02                 
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Table A-3. Cohorts affected by end of sample in April 2018. 

MIS in 18:4  7 6 5 x x x x x x x x 4 3 2 1 

Jan-17 M1                
Feb-17 M2 M1               
Mar-17 M3 M2 M1              
Apr-17 M4 M3 M2 M1             

May-17 x M4 M3 M2 M1            
Jun-17 x x M4 M3 M2 M1           
Jul-17 x x x M4 M3 M2 M1          

Aug-17 x x x x M4 M3 M2 M1         
Sep-17 x x x x x M4 M3 M2 M1        
Oct-17 x x x x x x M4 M3 M2 M1       
Nov-17 x x x x x x x M4 M3 M2 M1      
Dec-17 x x x x x x x x M4 M3 M2 M1     
Jan-18 M5 x x x x x x x x M4 M3 M2 M1    
Feb-18 M6 M5 x x x x x x x x M4 M3 M2 M1   
Mar-18 M7 M6 M5 x x x x x x x x M4 M3 M2 M1  
Apr-18 E8 M7 M6 M5 x x x x x x x x M4 M3 M2 M1 

May-18  E8 M7 M6 M5 x x x x x x x x M4 M3 M2 

Jun-18   E8 M7 M6 M5 x x x x x x x x M4 M3 

Jul-18    E8 M7 M6 M5 x x x x x x x x M4 

Aug-18     E8 M7 M6 M5 x x x x x x x x 

Sep-18      E8 M7 M6 M5 x x x x x x x 

Oct-18       E8 M7 M6 M5 x x x x x x 

Nov-18        E8 M7 M6 M5 x x x x x 

Dec-18         E8 M7 M6 M5 x x x x 

Jan-19          E8 M7 M6 M5 x x x 

Feb-19           E8 M7 M6 M5 x x 

Mar-19            E8 M7 M6 M5 x 

Apr-19             E8 M7 M6 M5 

May-19              E8 M7 M6 

Jun-19               E8 M7 

Jul-19                E8 

Aug-19                 
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Table A-4. Cohorts affected by sample redesign in August 2004. 

May-03              
Jun-03              
Jul-03              

Aug-03 M1             
Sep-03 M2 M1            
Oct-03 M3 M2 M1           
Nov-03 M4 M3 M2 M1          
Dec-03 x M4 M3 M2 M1         
Jan-04 x x M4 M3 M2 M1        
Feb-04 x x x M4 M3 M2 M1       
Mar-04 x x x x M4 M3 M2 M1      
Apr-04 x x x x x M4 M3 M2 M1     

May-04 x x x x x x M4 M3 M2 M1    
Jun-04 x x x x x x x M4 M3 M2 M1   
Jul-04 x x x x x x x x M4 M3 M2 M1  

Aug-04 E5 x x x x x x x x M4 M3 M2 E1 

Sep-04 E6 E5 x x x x x x x x M4 M3 E2 

Oct-04 E7 E6 E5 x x x x x x x x M4 E3 

Nov-04 E8 E7 E6 E5 x x x x x x x x E4 

Dec-04  E8 E7 E6 E5 x x x x x x x x 

Jan-05   E8 E7 E6 E5 x x x x x x x 

Feb-05    E8 E7 E6 E5 x x x x x x 

Mar-05     E8 E7 E6 E5 x x x x x 

Apr-05      E8 E7 E6 E5 x x x x 

May-05       E8 E7 E6 E5 x x x 

Jun-05        E8 E7 E6 E5 x x 

Jul-05         E8 E7 E6 E5 x 

Aug-05          E8 E7 E6 E5 

Sep-05           E8 E7 E6 

Oct-05            E8 E7 

Nov-05             E8 
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Table A-4 (continued). 

May-03 E1               
Jun-03 E2 E1              
Jul-03 E3 E2 E1             

Aug-03 E4 E3 E2 E1            
Sep-03 x E4 E3 E2 E1           
Oct-03 x x E4 E3 E2 E1          
Nov-03 x x x E4 E3 E2 E1         
Dec-03 x x x x E4 E3 E2 E1        
Jan-04 x x x x x E4 E3 E2 E1       
Feb-04 x x x x x x E4 E3 E2 E1      
Mar-04 x x x x x x x E4 E3 E2 E1     
Apr-04 x x x x x x x x E4 E3 E2 E1    
May-04 E5 x x x x x x x x E4 E3 E2 E1   
Jun-04 E6 E5 x x x x x x x x E4 E3 E2 E1  

Jul-04 E7 E6 E5 x x x x x x x x E4 E3 E2 E1 

Aug-04 E8 E7 E6 M5 x x x x x x x x E4 E3 E2 

Sep-04  E8 E7 M6 M5 x x x x x x x x E4 E3 

Oct-04   E8 M7 M6 M5 x x x x x x x x E4 

Nov-04    M8 M7 M6 M5 x x x x x x x x 

Dec-04     M8 M7 M6 M5 x x x x x x x 

Jan-05      M8 M7 M6 M5 x x x x x x 

Feb-05       M8 M7 M6 M5 x x x x x 

Mar-05        M8 M7 M6 M5 x x x x 

Apr-05         M8 M7 M6 M5 x x x 

May-05          M8 M7 M6 M5 x x 

Jun-05           M8 M7 M6 M5 x 

Jul-05            M8 M7 M6 M5 

Aug-05             M8 M7 M6 

Sep-05              M8 M7 

Oct-05               M8 

Nov-05                
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Table A-5. Estimated average fractions of individuals ��∗∗ who would have reported labor status E, N, M, 

or U and transition probabilities ���,��∗∗  if all individuals were being interviewed using the average 

interview technology. 

�		

��∗∗��∗∗�
∗∗��∗∗���

� = �0.42840.24880.29420.0286�               �		

���∗∗ ���∗∗ �
�∗∗ ���∗∗���∗∗ ���∗∗ �
�∗∗ ���∗∗��
∗∗ ��
∗∗ �

∗∗ ��
∗∗���∗∗ ���∗∗ �
�∗∗ ���∗∗ ���

� = �0.9006 0.0408 0.0905 0.20260.0271 0.8729 0.0477 0.21010.0600 0.0611 0.8535 0.07630.0123 0.0252 0.0083 0.5109� 

Table A-6. Average percent of population who make EU or NU transitions, 2001:7 to 2018:3, as 

calculated by different methods. 

  

Raw data 1.67% 

Flows estimates as adjusted by BLS 1.74% 

Raw data adjusted for rotation-group bias alone 1.92% 

Adjusted for rotation-group bias, missing  

observations, and long-term unemployment 

1.98% 
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Figure A-1. Probability of MM transitions before and after adjustments. 
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Figure A-2.  Alternative measures of number of long-term unemployed as a percent of the civilian 

noninstitutional population. 

 

Notes to Figure A-2.  Long-term unemployed as percent of the civilian noninstitutional population, Aug 

2004 to April 2018.  Solid black: BLS estimate of number of unemployed with durations 27 weeks and 

over; Dashed red: number of individuals collecting Emergency Unemployment Compensation 2008; 

dotted blue: adjusted estimate based on equation (34). 

 


